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Motivation MatQuant Mix’n’Match
Gemma-2 9B

e Densely spans the Pareto-optimal accuracy-vs-bits-per-FFN-parameter
e Combinatorial number models for free without any explicit training
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values, contributing to improved int2 performance. e Higher-precision model outputs as targets for lower-precision nested models
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e Int8's overparameterization provides flexibility accommodating
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